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ABSTRACT

This research aims to analyze the sentiment of cyberbullying comments on the
X application using the Support Vector Machine (SVM) method with Term
Frequency-Inverse Document Frequency (TF-IDF). The research process
includes collecting comment data, labelling data into three sentimental
categories (positive, negative, neutral), text pre-processing, feature extraction,
and classification using SVM. The research results showed that the distribution
of comments was dominated by negative sentiment of 1,749 data, while
neutral sentiment of 409 data, and positive sentiment of 366 data. The model's
performance evaluation resulted in an accuracy of 74.06% with the best
performance in the negative class (precision 0.85; recall 0.86; f1-score 0.86).
These findings prove that SVM methods are able to effectively classify
cyberbullying-flavored comments and can serve as the basis for the
development of automated detection systems to support content moderation
on social media.

Keywords: Sentiment Analysis, cyberbullying, Support Vector Machine,
Application X
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ABSTRAK

Penelitian ini bertujuan untuk menganalisis sentimen komentar
bernuansa cyberbullying pada aplikasi X menggunakan metode Support Vector
Machine (SVM) dengan pembobotan kata Term Frequency-Inverse Document
Frequency (TF-IDF). Proses penelitian meliputi pengumpulan data komentar,
pelabelan data ke dalam tiga kategori sentimen (positif, negatif, netral), pra-
pemrosesan teks, ekstraksi fitur, hingga klasifikasi menggunakan SVM. Hasil
penelitian menunjukkan distribusi komentar didominasi oleh sentimen
negatif sebanyak 1.749 data, sementara sentimen netral berjumlah 409 data,
dan sentimen positif sebanyak 366 data. Evaluasi performa model
menghasilkan akurasi 74,06% dengan performa terbaik pada kelas negatif
(precision 0,85; recall 0,86; f1-score 0,86). Temuan ini membuktikan bahwa
metode SVM mampu secara efektif mengklasifikasikan komentar bernuansa
cyberbullying dan dapat dijadikan dasar pengembangan sistem deteksi
otomatis untuk mendukung moderasi konten di media sosial.

Kata Kunci : Analisis Sentimen, cyberbullying, Support Vector Machine,

Aplikasi X
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